GEOSPATIAL
SYSTEMS

;2= Newcastle
University

Engineering and
Physical Sciences
Research Council

Ty COMMONWEALTH
\|\|‘llll SCHOLARSHIPS

CENTRE FOR DOCTORAL TRAINING

A 40-Year Journey: Eco-Hydrological Dynamics of Haiderpur Wetlands (EHDW) with Multi-Landsat, Sentinel- 2 satellite data using Google

Earth Engine (GEE) and Machine Learning
Abhinav Galodha?®®, Maria-Valasia Peppa®, Brejesh Lall¢, Shaikh Ziauddin Ahammad9, Sanya Anees®

aSchool of Interdisciplinary Research (SIRe), lIT Delhi, " Geospatial computing, School of Engineering, Newcastle University, ‘Bharti School of Telecommunication and Management, lIT Delhi, “Department of Biochemical Engineering
and Biotechnology, IIT Delhi, e Department of Electronics and Communication Engineering, NSUT Delhi

Introduction: Landfill and Water Pollution in a critical state for wetlands and ecotone sites.
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