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« Many LULC models struggle in accurately detecting crop cover in Sub-Saharan -
Africa [1] .

* Humanitarian actors are often dependent on them for understanding of food o e
security o ont o

(CM4EW) Regions

Objective
|dentify confounding factors of crop detection in the consensus of 11 commonly
used LULC and crop cover maps.
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Methodology

Work Performed Upcoming Analysis

Homogenisation of 11
landcover maps

Creation of consensus map

Regression Analysis to identify

Collection of covariates

Homogenisation of covariates

Extract values at ground truth

points

factors with an effect on the
landcover models

Expand analysis to further
countries

Add additional covariates

Results and Discussion

In general, the consensus of the
products is reliable at identifying non-
crop pixels, but products are not In
agreement on where the crop is.
Furthermore, were geophysical factors
better suited In predicting the
consensus agreement, than the
presence of humans.

Linerar Regression Results:

R2 =0.66, p <.001

Signifcant factors:

* Elevation (+)

* Slope (-)

* Distance to Protected Nature Areas
(+)

* Distance to Waterbodies (-)

Insignificant factors:

* Average precipitation

* Distance to highways

* Temperature average

* Distance to built-up pixels
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*Z_GIS, Department of Geoinformatics, University of Salzburg

Outlook

The continuation of our research will include several additional covariates and

further study areas:

* Inclusion of crop types and Agro-Ecological zones where available

* Inclusion of survey data

* Expansion of analysis to six further countries (Kenya, Malawi,

Togo, Zambia)
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