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Project Rationale

With ~520000km?, the Kavango-Zambezi Transfrontier Conservation Area . The SASSCAL-Il project ELNAC (Enhanced Livelihoods and Natural
(KAZA-TFCA) is the largest cross-border conservation area worldwide, spanning : ,
Resource Management under Accelerated Climate Change: a large

the international borders of five countries in Southern Africa. and o oqical Y add e vivid and
KAZA is home to ~ 3 million people; it harbors >3000 plants and several red- andstape soclal-ecoiogicd systems approac .). addresses the vivid-an
conflict and failing conservation and

listed fauna species, and encompasses a wide range of ecosystems, including on-going human-wildlife
grasslands, dry forests and woodlands and extensive wetlands. development objectives in the KAZA-TFCA.

« It makes the assumption that this conflict is driven by the current
conservation paradigm, which stigmatises local communities as degrading
agents and excludes them from managing natural resources around them.

KAZA general objectives are to

*Ensure that key ecological processes
continue to function where borders have

divided ecosystems. » Not only livelihoods but also conservation
*Join fragmented wildlife habitats into outcomes are jeopardized through this process
interconnected mosaics of protected areas because disenfranchised local communities will
and transboundary wildlife corridors resist conservation objectives.

*Protect the international  shared

« ELNAC proposes that conservation, development
and food security can be synergetic goals if

managed under  another  agroecological
*Increase economic opportunities for the local communities who bear the paradigm.

\opportunity cost of interacting with wildlife that transverse through communal areas.

biodiversity including watersheds, water
basins, and wildlife.
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Fig. 2: Data avanlabllnty in the KAZAtiles. Left: Landsat (1984-); right: Sentmel 2 (2015) a M d hler)
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Fig. 4: Land cover fraction maps derived from Landsat STMs (RGB= Woodland - Non-irrigated - Irrigated
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