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Results

* Best model
Objective * FI score:0.9786, accuracy: 0.999999.

Quick detection from a satellite vantage  ° Oversampling improves performance.
point can significantly reduce losses by = Attention (CBAM) + BCE loss yields
allowing faster response times highest precision/recall balance.

" Prototype NN accelerator processes full
Methodology image per minute.

*  Run with less than | watt.

ABLATION STUDY ON THE STEPS OF THE WORKFLOW PIPELINE.

Only wildfire segmentation®  374.620 4= 17.267 -
Water off 328.664 £ 3.677 14%

Border off 163.932 + 0.561 129%
All modules 160.365 + 0.636 134%
* On RP14B. On GPU ~13 seconds.
Conclusions
Challenges: . .
. L] -
Data imbalance makes Energy constraints Satellite-based deep learning models are

wildfire detection harder. effective and efficient.

= Al-driven wildfire detection improves

Sentinel-2  satellite  images response time, reducing fire damage.
processed using PyRaws.

= Can be deployed in real-time on

Data augmentation techniques embedded hardware, making wildfire

T applied (rotation, translation monitoring more scalable and actionable.
""" flipping). = |mportant bands B8, Bl | and B2 based
on feature importance [w] [m]
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.% Oversampling minority class (fire
pixels) to improve training.
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