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Freshwater fluxes impact ocean dynamics by adding water mass into the ocean basins and through regional density changes caused by project. Copernicus Marine Service Is
fluctuations in the local salinity. However, constraining freshwater discharge in ocean modelling is currently a challenging task, and implemented by Mercator Ocean in |
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Impact on ocean models
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Main conclusions:

e Al-based river discharge datasets will be tested in a global reanalysis-like and 5 R . ,
a regional operational-like NEMO configurations, after remapping the rivers' (@{ [ g ® ldentification of biases and errors in GloFAS and
outlet areas onto the ocean model gridpoints " é WM.B river discharge estimates
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enhanced river discharge datasets on simulated sea surface salinity, sea level - 00 from in situ and WMB datasets 5 :
variability and meridional transports. o5 B Next steps:

e For the operational-like eORCA025 (1/4°) global configuration — evaluate the e g e Optimising the structure and hyper-parameters of
impact of the enhanced river discharge datasets against climatological data in 0 the neural network
terms of short-term forecasting skill score metrics. N P bt e Generalising the outputs of the neural network at the

® Preliminary impact study shows that replacing the monthly climatology with i 8 Me'::] i;"prc::’en']‘:nt'?; Se°a Sj:face salinity (n outlet Qf large rivers | o
the WMB dataset reduces the sea surface salinity bias at the outlet of the terms of mean absolute error reduction) in psu from a ® Evaluating the impact of the resulting Al-hybrid river
Amazon. first version of the WMB dataset over the Atlantic ocean. discharge dataset on oceanic reanalyses
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