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HIGHLIGHTS 3 RESULTS AND DISCUSSION

e Developing hybrid GPR models for high-spatial-resolution MODEL PERFORMACE & COMPARISON TO MODIS (MOD17A2H V6.1)
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* Hybrid GPR approach
o PFT-specific models: AL-optimized SCOPE database
resulting in 10 distinct PFT-specific training data.
o @Gaussian Process Regression (GPR): Bayesian machine
learning for robust GPP estimation with uncertainty.

e Qur S2-GPR models provide robust, high-spatial-resolution, PFT-specific GPP
estimates, effectively complementing coarser global products and enabling
detailed local carbon monitoring.

o Hybrid approach (SCOPE + AL+GPR) is effective for PFT-specific GPP.
o GEE deployment enables flexible, scalable local GPP mapping.

e Future directions: investigate purely data-driven models, ptentially with data
synergy e.g. SIF, SAR, meteorological data...

o Specifically for evergreen forests, other modeling strategies are required.

» Application
o Implementation of S2-GPR models in |
GEE and pyEOGPR package for cloud-computing.
o Created timeseries to test/validate the models against
ICOS EC data and MODIS GPP data.
o Showcasing high-spatial-resolution mapping examples.
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