
• Post-disturbance forest monitoring is essential for assessing forest development.

• Identifying the driving variables of recovery and their impact is crucial for informed decisions, facilitating efficient forest regeneration and preserving vital ecosystem services.

• It is known that various factors affect forest recovery; however, results are still not consistent. Additionally, few studies differentiate recovery across years while considering

different tree species.

The objective of this study is to evaluate the influence of topographic variables (slope, aspect, and elevation), wildfire severity and pre-fire vegetation condition on post-fire

forest recovery.
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Analysis:

- Significant differences

(Kruskal-Wallis test and

Bonferroni)

-Correlation

NBR pre-

fire

Magnitude -0.14

Slope 0.01 -0.04

Elevation 0.18 0.04 0.10

NBR pre-fire 0.12 -0.44 0.11 -0.05

Y2R Magnitude Slope Elevation
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• NBR pre-fire, severity and elevation were key variables influencing forest recovery. Among tree species, cork oak exhibited the fastest recovery while downy oak and black

pine showed the slowest.

• Non-recovered areas were characterized by high fire severity, mature forest stand, slope > 10°, and south-west aspects. Most non-recovered pixels were downy oak and

Aleppo pine.

• Our findings enhance understanding of factors influencing post-fire recovery in pine and oak forest, providing valuable insights for pre- and post-fire interventions.
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Total pixels: 7389

Study area:

614 wildfires evaluated (65439 pixels).

• Elevation was positively correlated with 
years to recovery.

• Slope was the lowest correlated variable 
with Y2R.

• Among variables NBR pre-fire and 
Magnitude showed the highest 
correlation.

Recovered pixels

Non-recovered pixels

Higher elevation were associated with significant 
longer recovery periods. 

Lower fire severity showed a faster recovery.

West slope-facing was the aspect with longer
recovery period. While East slope-facing was
associated with lower years to recovery.

Complex forest structure took longer recovery
periods to be recovered.

Less differences were found considering slope.
Slope greater than 10° had longer recovery
period.

Cork oak was the fastest to be recovered. While
downy oak and black pine showed the longest
recovery period.
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