RESULTS:
- S1 + S2 achieved highest loU (up to 0.98), most

- between 0.79-0.89.
g Ives - S2 only performed well in clear scenes but

dropped below 0.45 under clouds.
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0.67-0.81, but lower overall.
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Urban lakes change rapidly due to
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Cloud cover limits usable optical data.

Infrequent or inaccurate maps hinder timely 2 0.6

water management decisions. 0.5
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Combined S1 and S2 gave denser coverage for
frequent monitoring.
Overlapping dates improve cross-validation and

consistency checks.
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turbidity alter water signature. .
Each point marks an Image date; Red = Same day S1&S2.

METHODOLOGY:

Sentinel-1 Sentinel-2
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RF Training RF Training RF Training Figure: Comparison of water classification using Optical, SAR, and fused data.
(S1only) (S1 + S2) (S2 only) Top: Input imagery; Bottom: Detected water overlaid on high-resolution reference with red
boundaries. Fused approach shows improved delineation and fewer misclassifications.
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Imagery Water map Accuracy Assessment

STUDY AREA:
- 50 Lakes across India, UK and Northern Africa.

OUTLOOK:

Transferability: How to adapt to new lakes with
limited data?

Long-term tracking: How well do methods hold

up over years?
Integrating uncertainties: Need to quantify
classification confidence.
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