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1. INTRODUCTION

Context : In the short-wave infrared domain (SWIR), future space missions seeking to Objective : This study aims to develop a fast and precise L1 to L2 algorithm based on
measure greenhouse gases concentrations will inovate by taking continuous neural networks. The level 1 data are spectra in SWIR domain, and the level 2 are the
measurements. This technique based on the use of spectro-imagers (in which each total CO, columns Xcoz. This study will start by focusing on MicroCarb [1] (by CNES),

pixel is a full spectrum of the reflected solar radiation) will contrast with the discrete whose exploratory city mode will allow to take spectral images of the ground. The
measurements which used to be the state-of-the-art. The expected significant increase precision goal for the retrievals is under 1 ppm.

in data require a faster method, while keeping the same levels of precision.
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2. DATA 3. NEURAL NETWORK

The characteristics of the MicroCarb instrument  Table 1 : Definition of MicroCarb Based on the IASI [5] retrieval scheme, Figure 6 : Architecture of the MLP
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4. STUDY OF AN URBAN EMISSION PLUME

The optimised MLP is applied to a scene representing an emission plume above the
sugar factore Crystal union at Bazancourt (courtesy of T. Lauvaux, GSMA). The
fFactory is among the top 10 biggest emitters in France.

4.2 Retrieval of the plume with a higher intensity
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5. FUTURE DEVELOPMENTS 6. REFERENCES

The next step would consist in the simulation of the Xco. retrievals in an Observing 1. MicroCarb (https://cnes.fr/projets/microcarb) V
System Simulation Experiment (OSSE). It would also be interesting to study in more 2. TIGR database (https://ara.lmd.polytechnique.fr/index.php?page=tigr) MICRESCARB
depth the MLP with B1, B2 and B3 used jointly as inputs. The methodology will 3. 4A/OP model (https://4aop.aeris-data.fr/)
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