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and YOLO in Maritime Surveillance
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Models were trained on 9540 images containing either or both target classes.
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A comprehensive analysis of the port industry. (2024, October 10).

What are the objectives of this study?

» Quality dataset with sentinel-2 imagery (10m cell size); [2]
» Compare YOLOV8 and YOLOVIO in vessel and wake detection; [3]

» Assess it models trained with lower resolution images can perform well on
higher resolution images.

ll Methodology Single Class Training

| m More precise |localization of the object
m [oU and mMAPs imjproveo and improved detection across a broader

, AR
Metadata and Analysis and Manual image (aprox. 2%) ; # range of loU thresholds;

vessel information , Image download annotation Data augmentation
selection of vessels

download (LabelMe) m 1 score decreased (aprox. mloss of context (interdependency
Dataset Construction 49), between the two classes).

Dataset Test on High-Resolution Images
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I Results
YOLOV8 vs YOLOVIO: Performance Comparison

Models were trained on 2520 images containing either or both target classes.

YOLOV8 consistently outperformed YOLOVIO, probably due to confidence

threshold value that favours YOLOV8 architecture. [4] I Conclusion
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Figure 4. PR curve for the validation phase of the YOLOV8m model
with configuration 29.



	Slide 1

