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Tropical primary forest loss increased 80% from 2023 to 2024

Tropical Primary forest cover (2001):1,000 Mha
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Non-fire related loss can occur from mechanical clearing for agriculture and logging, as well as natural
causes such as wind damage and river meandering, The three-year moving average may represent a

. . : . FOREST WORLD RESOURCES INSTITUTE
more accurate picture of the data trends due to uncertainty in year-to-year comparisons. This figure is
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Source: Hansen et al., 2013
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Permanent agriculture [ Hard commodities [ Settlements & infrastructure [ Shifting cultivation [ Wildfire [ Logging
[ Other natural disturbances

Drivers of 2002-2024 tropical primary forest loss

i

Drivers of 2024 tropical primary forest loss

29.1%
16% 59.7%
0:1%%; 13.4%
Source: WRI/Google DeepMind, Sims et al. 2025 - Note: this data classifies the dominant driver of loss at 1-
km resolution over the full 2001-2024 time period. Caution should be used when interpreting drivers for
individual years, as the driver of small-scale loss events when multiple drivers are present in each 1-km FORESY WORLD RESOURCES INSTITUTE
cell may not always be captured. As a result, driver proportion for individual years may be over- or under-
estimated.
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A Integrates GLAD -L, GLAD S2, and RADD alerts
A Quicker detection of forest disturbances
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Integrated Alerts : Integrated deforestation alerts | Global Forest Watch Open Data Portal
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https://data.globalforestwatch.org/datasets/gfw::integrated-deforestation-alerts/about
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A Interventions often happen too late
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A Prediction enable early intervention
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https://github.com/ForestForesight/ForestForesight?tab=readme-ov-file
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Environmental variables and integrated alerts:
A Past disturbances

Deforestation patch density

Proximity to roads and waterways

Slope

Population growth (GHS -POP)

Nightlight intensity (NASA VIIRS Day -Night
band)

Precipitation and fire alerts (FIRMS)

Spatial coordinates (
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35 features
~ 400 X 400 m resolution

Geographies: Primary humid tropical forest
South America, Africa and Asia
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Probability map

Crossentropy Loss

Reference: deforestation for
the next six month
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proximity to previously deforested areas (Past Deforestation, PD). The right side of the plot shows
the percentage of total pixels falling within each category
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proximity to previously deforested areas (Past Deforestation, PD). The right side of the plot shows
the percentage of total pixels falling within each category
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proximity to previously deforested areas (Past Deforestation, PD). The right side of the plot shows

the percentage of total pixels falling within each category
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proximity to previously deforested areas (Past Deforestation, PD). The right side of the plot shows
the percentage of total pixels falling within each category
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Detection rate decreases as
the distance to the PD
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More than 95% of new events

occur within 0.8 km of past
disturbances
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proximity to previously deforested areas (Past Deforestation, PD). The right side of the plot shows
the percentage of total pixels falling within each category
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