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Observing volcanoes from space
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This work demonstrated the effectiveness of the combined use of Al and multi-
source satellite data in monitoring volcanic hazards.

The large amount of available satellite data and the limited manual labeling

capacity led to the use of a Semi-Supervised (SGAN) model, ensuring high
performance even with few labeled data.

In all the analyzed case studies, the SGAN model was able to capture the different
eruptive states that occurred on Etna and Vulcano in the periods considered.
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