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Land Surface Components in Sub -Saharan Rangelands




Land Surface Components in Sub -Saharan Rangelands




Processes at landscape scale




Challenges from a Remote Sensing Perspective
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Core ldea:
Using Phenology to support Spectral Unmixing workflows
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The Pheno-Feature Space
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Case Study Namibia
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Limitations

U Croplands not well represented

Fire (northern parts) can complicate
phenology signals

Interannual variability

Requires dense Sentinel 2 time Cropland
series
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Take Home

U Pheno-feature space allows
systematic endmember L
selection in semiarid e
rangelands s
Validation against high -
resolution drone imagery
shows robust performance

Framework offers foundation
for more accurate vegetation
COVer representations across
semiarid (Sub -Saharan)
Rangelands
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Sampling Procedure
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Validation Sites
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