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habitats 
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functions 
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C O N T E X T  &  P R O J E C T

R&D Phase – 2021-2022

LedÈÈy :

86% 

•Potential wetland mapping
•Habitat mapping in 10 pilot basins

Production Phase – from 2023
•Extent wetland habitat mapping to mainland France 
•Ongoing validation and workshop engagement 

Project Volet 2 : Habitats mapping within  wetlan  potential areas

Oyjective: Consistent, high-resolution mapping of wetlands
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Open data 

https://www.ouvrirlascience.fr/remise-des-prix-science-ouverte-des-donnees-de-la-recherche-2024/


N AT I O N A L  M A P P I N G  O F  W E T L A N D  H A B I TAT S

Challenge adressed here
While existing wetland inventories capture presence, they often lack habitat-specific classification and condition assessment at 
fine spatial scales. Local mapping is fragmented and inconsistent.

Key objective
Map wetland habitats (e.g. peatbogs, reed beds)
 → Use Sentinel-2 products & EUNIS classification 
 → Assess their ecological condition

Outputs & Benefits
StateÈevaluation: Assesses wetland condition and plan restoration
Fine-scale,ÈnationalÈcoverage: Enables uniform mapping methods, bridging regional gaps and supporting scale-appropriate 
policy.
ÈaailoredÈinterventions: Helps define and prioritize local conservation strategies, restoration measures, and monitoring across 
diverse wetland types.

Strategic Value
Fills data gap in current inventories—turns generic presence maps into actionable habitat maps, directly supporting 
programs under Water Framework Directive, EU restoration targets, and national biodiversity goals .
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https://www.eea.europa.eu/en/datahub/datahubitem-view/ce3e4bf4-e929-404a-88c7-37f2c614fd1d


E U N I S  T Y P O L O G Y
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Hierarchical nomenclature → Hierarchical classification

Miranda, F.M., Köehnecke, N. and Renard, 
B.Y. (2023) 'HiClass: a Python Library for 
Local Hierarchical Classification Compatible 
with Scikit-learn', Journal of Machine 
Learning Research, 24(29), pp. 1–17. 
Available 
at:https://jmlr.org/papers/v24/21-
1518.html.

Liam  Liieeau- oiillgar, Julien Pellen, 
 Laurenee uueert-Miy. uierarehieal 
Randim  oirest elassifieatiin in 
 raster data. 2024, 
ἂ shh 1 dir 6e012007fae9e220e65097
94e7a3df493fd60978;irigin=https //
githue.eim/JP-LETG-
 Rennes/Randimoirest_uiear;visit=s
hh 1 snp 930a98157e4926f9922d52d
6e2ed372816ee9e84;anehir=shh 1 r
 ev 852e83980e57a23 ef74eade4e88
05e0fa71859e3ἃ. ἂhal-04596517ἃ

[ƻŎŀƭ/ƭŀǎǎƛŦƛŜǊtŜǊtŀǊŜƴǘbƻŘŜόύ
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classifier

https://jmlr.org/papers/v24/21-1518.html
https://jmlr.org/papers/v24/21-1518.html
https://archive.softwareheritage.org/browse/swh:1:dir:6b012007fab9e220c6509794e7a3df493fd60978;origin=https:/github.com/JP-LETG-Rennes/RandomForest_Hiear;visit=swh:1:snp:930a98157c4926f9922d52d6c2bd372816bb9b84;anchor=swh:1:rev:852c83980e57a23bf74eadb4e8805b0fa71859e3
https://archive.softwareheritage.org/browse/swh:1:dir:6b012007fab9e220c6509794e7a3df493fd60978;origin=https:/github.com/JP-LETG-Rennes/RandomForest_Hiear;visit=swh:1:snp:930a98157c4926f9922d52d6c2bd372816bb9b84;anchor=swh:1:rev:852c83980e57a23bf74eadb4e8805b0fa71859e3
https://archive.softwareheritage.org/browse/swh:1:dir:6b012007fab9e220c6509794e7a3df493fd60978;origin=https:/github.com/JP-LETG-Rennes/RandomForest_Hiear;visit=swh:1:snp:930a98157c4926f9922d52d6c2bd372816bb9b84;anchor=swh:1:rev:852c83980e57a23bf74eadb4e8805b0fa71859e3
https://archive.softwareheritage.org/browse/swh:1:dir:6b012007fab9e220c6509794e7a3df493fd60978;origin=https:/github.com/JP-LETG-Rennes/RandomForest_Hiear;visit=swh:1:snp:930a98157c4926f9922d52d6c2bd372816bb9b84;anchor=swh:1:rev:852c83980e57a23bf74eadb4e8805b0fa71859e3
https://archive.softwareheritage.org/browse/swh:1:dir:6b012007fab9e220c6509794e7a3df493fd60978;origin=https:/github.com/JP-LETG-Rennes/RandomForest_Hiear;visit=swh:1:snp:930a98157c4926f9922d52d6c2bd372816bb9b84;anchor=swh:1:rev:852c83980e57a23bf74eadb4e8805b0fa71859e3
https://archive.softwareheritage.org/browse/swh:1:dir:6b012007fab9e220c6509794e7a3df493fd60978;origin=https:/github.com/JP-LETG-Rennes/RandomForest_Hiear;visit=swh:1:snp:930a98157c4926f9922d52d6c2bd372816bb9b84;anchor=swh:1:rev:852c83980e57a23bf74eadb4e8805b0fa71859e3
https://archive.softwareheritage.org/browse/swh:1:dir:6b012007fab9e220c6509794e7a3df493fd60978;origin=https:/github.com/JP-LETG-Rennes/RandomForest_Hiear;visit=swh:1:snp:930a98157c4926f9922d52d6c2bd372816bb9b84;anchor=swh:1:rev:852c83980e57a23bf74eadb4e8805b0fa71859e3
https://archive.softwareheritage.org/browse/swh:1:dir:6b012007fab9e220c6509794e7a3df493fd60978;origin=https:/github.com/JP-LETG-Rennes/RandomForest_Hiear;visit=swh:1:snp:930a98157c4926f9922d52d6c2bd372816bb9b84;anchor=swh:1:rev:852c83980e57a23bf74eadb4e8805b0fa71859e3
https://hal.science/hal-04596517v1


Potential wetland

Field vegetation archives + Habitat archives

H A B I TAT  M A P P I N G  W O R K F L O W

MACHIN ÈL ARNINU
Supervise  learning

Topographic and environmental predictive variables

National wetland mapping
(Habitat mapping within potential wetland envelop)

Collected field data

 Vali ation

Masking

Urban +

Post-processings
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D A T A

Potential wetland envelope

Arehive datasets
== griundtruth

Environmental and topographic variables

BDTOPO®

Geologic data used in Carhab Program

https://doi.org/10.12770/ff3aff8a-cff1-44a3-a2c8-1910bf109f85

1 canopy variable
Lang, Nico, Walter Jetz, Konrad Schindler, and Jan Dirk Wegner. (2022). A high-
resolution canopy height model of the Earth." arXiv preprint arXiv:2204.08322.

11 bioclimatic variables
Perrin, G., Rapinel, S., Hubert-Moy, L., & Bioret, F. (2020). Bioclimatic dataset of 

Metropolitan France under current conditions derived from the WorldClim
model. Data in Brief, 31, 105815.

4 topographic variables
Panhelleux L., Rapinel S., Lemercier B., Gayet G., Hubert-Moy L., A 5 m dataset of 

digital terrain model derivatives across mainland France, Data in Brief, Volume 49, 
2023

6 phenologic variables
Plant Phenology Index 2016-present (raster 10 m), Europe, daily. Euripean Uniin's 

Cipernieus Land Minitiring Serviee infirmatiin. 

9 spectral variables
Sentinel-2, level 2A, google earth engine

1 water variable
Pekel, JF., Cottam, A., Gorelick, N. et al. High-resolution mapping of global surface 

water and its long-term changes. Nature 540, 418–422 (2016). 
https://doi.org/10.1038/nature20584

6 geologic variable
Programme CarHab, DataTerra BRGM, Geologic data used in Carhab Program 

(2023). 

1 grassland variable
Panhelleux L., Rapinel S., Hubet-Moy L. (2023). Natural grasslands across 

mainland France: A dataset including a 10 m raster and ground reference points, 
Data in Brief, Volume 49

2 intertidal variables
EMODnet Bathymetry Consortium (2022).EMODnet Digital Bathymetry (DTM 

2022).EMODnet Bathymetry Consortium
https://doi.org/10.12770/ff3aff8a-cff1-44a3-a2c8-1910bf109f85
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Rapinel, S. et al. National wetland mapping using remote-sensing-
derived environmental variables, archive field data, and artificial 

intelligence. ueliyin 9, (2023). 
https://doi.org/10.1016/j.heliyon.2023.e13482). Download link : 

https://doi.org/10.5281/zenodo.8389646

https://infoterre.brgm.fr/page/carhab-donnees-geologiques#:~:text=CarHab%20est%20un%20programme%20national,du%201%2F25%20000e
https://doi.org/10.12770/ff3aff8a-cff1-44a3-a2c8-1910bf109f85
https://doi.org/10.1016/j.heliyon.2023.e13482
https://doi.org/10.5281/zenodo.8389646


P R E D I C T I V E  V A R I A B L E S

Geologic data used in Carhab Program

https://doi.org/10.12770/ff3aff8a-cff1-44a3-a2c8-1910bf109f85

1 canopy variable
Lang, Nico, Walter Jetz, Konrad Schindler, and Jan Dirk Wegner. (2022). A high-
resolution canopy height model of the Earth." arXiv preprint arXiv:2204.08322.

11 bioclimatic variables
Perrin, G., Rapinel, S., Hubert-Moy, L., & Bioret, F. (2020). Bioclimatic dataset of 

Metropolitan France under current conditions derived from the WorldClim
model. Data in Brief, 31, 105815.

4 topographic variables
Panhelleux L., Rapinel S., Lemercier B., Gayet G., Hubert-Moy L., A 5 m dataset of 

digital terrain model derivatives across mainland France, Data in Brief, Volume 49, 
2023

6 phenologic variables
Plant Phenology Index 2016-present (raster 10 m), Europe, daily. Euripean Uniin's 

Cipernieus Land Minitiring Serviee infirmatiin. 

9 spectral variables
Sentinel-2, level 2A, google earth engine

1 water variable
Pekel, JF., Cottam, A., Gorelick, N. et al. High-resolution mapping of global surface 

water and its long-term changes. Nature 540, 418–422 (2016). 
https://doi.org/10.1038/nature20584

6 geologic variable
Programme CarHab, DataTerra BRGM, Geologic data used in Carhab Program 

(2023). 

1 grassland variable
Panhelleux L., Rapinel S., Hubet-Moy L. (2023). Natural grasslands across 

mainland France: A dataset including a 10 m raster and ground reference points, 
Data in Brief, Volume 49

2 intertidal variables
EMODnet Bathymetry Consortium (2022).EMODnet Digital Bathymetry (DTM 

2022).EMODnet Bathymetry Consortium
https://doi.org/10.12770/ff3aff8a-cff1-44a3-a2c8-1910bf109f85
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https://infoterre.brgm.fr/page/carhab-donnees-geologiques#:~:text=CarHab%20est%20un%20programme%20national,du%201%2F25%20000e
https://doi.org/10.12770/ff3aff8a-cff1-44a3-a2c8-1910bf109f85


S U P E R V I S E D  C L A S S I F I C AT I O N  S T E P S

Habitat archive datasets sampled on predictive variables
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8,6

53,
4

0 1 1 0 6,31
5
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785 634 …

ÈReferenceÈsamples

Train set

Test set

→ Stratified K-Fold cross validation

1 – RANDOM FOREST CALIBRATION

2 – RANDOM FOREST PREDICTION

F1-score

Confusion matrix

Classification report

By EUNIS level

→ Algorithm classificationPredictive variables Habitat classification map

(Habitat class probability)

By EUNIS level

+

8



H I E R A R C H I C A L  R A N D O M  F O R E S T  E V A L U AT I O N

EUNIS hierarchical nomenclature → Hierarchical random forest classification

B C D E F G H I J
A 8297 39 236 2 119 10 26 0 2 0

B 131 979 21 1 104 181 61 5 1 4

C 602 9 5480 214 712 428 1232 4 6 21

D 1 0 207 2939 1522 535 686 0 1 0

E 409 132 341 562 66669 6302 10613 838 154 126

F 61 272 429 334 10622 30316 8940 328 31 60

G 82 8 393 228 9960 5554 67168 775 66 63

H 0 11 6 0 1895 391 2004 3474 1 0

I 27 6 15 0 1033 459 720 5 785 72

J 7 8 38 3 947 186 683 3 63 736

F1-score

A2 A5 B1 B2 B3 C1 C2 C3 D1 D2 D4 D5 D6 E1 E2 E3 E4 E5 E6 F2 F3 F4 F5 F6 F7 F9 FA FB G1 G2 G3 G5 H1 H2 H3 H4 I1 I2 J1 J2 J3 J4 J5 J6
A2 5605 1056 34 5 0 198 0 33 0 0 0 2 0 88 7 15 0 7 2 0 0 1 0 5 0 1 0 3 16 0 9 0 0 0 0 0 2 0 0 0 0 0 0 0

A5 845 791 0 0 0 5 0 0 0 0 0 0 0 0 0 0 0 0 0 0 0 0 0 0 0 0 0 0 0 0 1 0 0 0 0 0 0 0 0 0 0 0 0 0

B1 102 0 249 0 0 8 0 11 0 0 1 0 0 20 22 1 0 10 7 0 21 2 0 3 0 15 0 6 32 0 26 0 0 0 0 0 1 0 4 0 0 0 0 0

B2 26 0 1 0 0 0 0 0 0 0 0 0 0 0 0 0 0 0 0 0 1 0 0 0 0 0 0 0 0 0 0 0 0 0 0 0 0 0 0 0 0 0 0 0

B3 3 0 0 0 726 1 0 1 0 0 0 0 0 44 0 0 0 0 0 0 0 0 110 9 14 0 0 0 0 0 3 0 0 2 3 0 0 0 0 0 0 0 0 0

C1 424 60 2 0 0 1855 0 129 2 8 0 9 0 28 24 30 2 3 0 0 3 6 0 0 0 14 0 0 168 0 9 0 0 4 0 0 3 0 1 0 0 0 7 0

C2 0 0 0 0 0 1 262 42 0 7 9 2 0 2 10 3 0 9 0 0 1 0 0 0 0 10 0 0 79 0 2 0 0 0 0 0 0 0 1 0 0 0 0 0

C3 102 16 7 0 0 115 7 3069 7 30 13 127 0 56 267 245 0 33 0 0 26 2 0 7 0 346 0 13 960 0 11 3 0 0 0 0 3 0 1 0 0 1 10 0

D1 0 0 0 0 0 1 0 1 365 228 31 14 0 10 22 145 0 3 0 0 10 34 0 0 0 45 0 0 64 0 64 0 0 0 0 0 0 0 0 0 0 0 0 0

D2 0 0 0 0 0 1 6 21 245 553 37 52 0 23 80 205 9 22 0 1 17 6 0 0 0 45 0 0 45 0 13 0 0 0 0 0 0 0 0 0 0 0 0 0

D4 0 0 0 0 0 0 5 7 29 60 641 24 0 65 158 173 4 0 0 0 8 0 0 0 0 59 0 0 75 0 4 0 0 0 0 0 0 1 0 0 0 0 0 0

D5 1 0 0 0 0 9 2 154 21 51 35 549 0 18 144 414 0 27 0 0 66 3 0 0 0 239 1 1 401 0 16 1 0 0 0 0 0 0 0 0 0 0 0 0

D6 0 0 0 0 0 0 0 0 0 0 0 0 4 0 0 0 0 0 0 0 0 0 0 0 0 0 0 0 3 0 0 0 0 0 0 0 0 0 0 0 0 0 0 0

E1 345 0 13 0 101 22 0 27 5 16 4 2 0 16131 4325 102 32 1170 0 2 3041 12 41 221 6 30 0 170 2917 11 332 29 1 136 132 0 10 2 2 0 4 0 0 1

E2 7 0 2 0 0 9 2 31 2 24 6 9 0 281125310 676 22 206 0 0 374 10 1 8 0 102 4 191 3303 0 78 83 0 7 2 0 110 12 73 6 0 11 5 2

E3 18 0 1 0 0 37 2 94 132 142 103 86 0 200 1697 5223 4 92 0 0 157 89 0 0 0 556 0 21 1103 1 64 3 0 0 2 0 4 0 3 0 0 0 1 0

E4 0 0 0 0 0 2 0 0 0 7 1 0 0 60 77 0 2987 12 0 20 1 0 0 1 0 0 0 0 40 0 410 0 0 24 509 0 0 0 0 0 0 0 0 0

E5 18 0 8 0 4 5 4 106 0 7 1 15 0 1744 814 343 101 2512 0 2 874 72 2 2 0 147 0 145 1913 0 220 106 0 10 15 0 14 2 12 3 0 0 3 0

E6 21 0 3 0 0 0 0 0 0 0 0 0 0 6 0 0 0 0 12 0 0 0 0 0 0 0 0 0 0 0 0 0 0 0 0 0 0 0 0 0 0 0 0 0

F2 0 0 0 0 0 0 0 0 0 0 0 0 0 9 3 0 37 2 0 41 0 1 0 0 0 0 0 0 3 0 6 1 0 17 36 0 0 0 0 0 0 0 0 0

F3 4 0 7 0 0 0 1 14 0 3 7 13 0 4977 1689 366 1 971 0 0 5413 56 6 14 0 140 0 32 3308 0 367 49 2 52 46 0 10 3 10 0 17 0 1 8

F4 0 0 3 0 0 1 0 1 6 0 0 1 0 42 10 181 3 83 0 3 80 551 0 1 0 25 0 0 190 0 50 0 0 0 4 0 0 0 1 0 0 0 0 0

F5 4 0 0 0 140 0 0 0 0 0 0 0 0 41 0 0 0 0 0 0 6 0 324 183 1 0 0 5 80 24 65 0 0 11 18 0 0 0 0 0 0 0 0 0

F6 11 1 3 0 14 0 0 5 0 0 0 0 0 216 2 0 1 3 0 0 2 0 161 324 0 1 0 18 243 39 363 0 0 73 56 0 0 0 5 1 0 0 0 0

F7 0 0 0 0 96 0 0 0 0 0 0 0 0 7 0 0 0 0 0 0 0 0 9 16 3 0 0 1 2 1 0 0 0 3 6 0 0 0 0 0 0 0 0 0

F9 31 1 9 0 0 17 5 384 62 57 35 150 0 87 368 757 0 83 0 0 218 6 0 1 0 2716 0 1 1422 0 57 1 0 0 2 0 1 0 4 0 0 0 0 0

FA 0 0 0 0 0 0 0 0 0 0 0 0 0 0 31 0 0 2 0 0 2 0 0 0 0 0 2 0 22 0 0 0 0 0 0 0 0 0 1 0 0 0 0 0

FB 9 0 0 0 0 0 0 1 0 0 0 0 0 180 444 20 0 6 0 0 53 0 0 1 0 0 0 19899 2641 0 5 1 0 2 0 0 17 0 12 0 0 0 0 0

G1 39 0 1 0 0 35 11 313 43 21 8 53 0 3231 3107 722 62 622 0 2 1250 142 4 38 0 374 0 274955768 25 1018 172 20 134 189 0 43 15 35 2 3 1 5 3

G2 0 0 0 0 0 0 0 1 0 0 0 0 0 27 3 0 0 0 0 0 1 0 15 59 1 0 0 4 155 128 123 0 0 8 1 0 0 0 1 0 0 0 0 0

G3 43 0 4 0 2 9 0 9 81 11 4 6 0 389 220 120 688 143 0 5 378 32 50 263 0 57 0 6 2941 85 4626 52 0 59 359 0 3 0 2 0 0 0 0 1

G5 0 0 1 0 0 2 0 13 0 0 0 1 0 136 352 29 1 108 0 0 91 1 3 8 0 15 0 6 1608 0 144 323 0 3 2 0 4 1 7 0 0 3 0 0

H1 0 0 0 0 0 0 0 0 0 0 0 0 0 23 15 0 0 0 0 0 2 0 0 0 0 0 0 0 133 0 1 0 53 1 11 0 0 0 0 0 0 0 0 0

H2 0 0 0 0 6 2 0 1 0 0 0 0 0 360 30 2 56 42 0 15 67 0 10 41 0 2 0 25 455 0 41 5 0 1247 108 2 0 0 0 0 0 0 0 0

H3 0 0 0 0 5 0 1 2 0 0 0 0 0 357 33 3 929 45 0 29 124 8 19 21 0 2 0 26 1016 0 351 2 10 167 1865 0 1 0 0 0 0 0 0 0

H4 0 0 0 0 0 0 0 0 0 0 0 0 0 0 0 0 0 0 0 0 0 0 0 0 0 0 0 0 0 0 0 0 0 3 0 7 0 0 0 0 0 0 0 0

I1 27 0 3 0 3 3 0 3 0 0 0 0 0 67 465 13 0 52 0 0 18 3 1 0 0 3 0 411 523 0 5 1 0 0 1 0 753 2 9 0 0 7 0 0

I2 0 0 0 0 0 0 0 9 0 0 0 0 0 105 318 10 0 3 0 0 5 0 0 0 0 1 1 16 189 0 0 2 0 4 0 0 3 27 42 0 0 10 4 0

J1 7 0 8 0 0 1 1 7 0 0 1 0 0 188 342 34 2 88 0 0 39 7 0 3 0 6 0 72 452 0 49 4 0 0 2 0 22 28 598 6 0 4 3 0

J2 0 0 0 0 0 0 0 0 0 0 0 0 0 3 33 0 0 3 0 0 0 0 0 0 0 0 0 2 43 0 0 0 0 0 0 0 0 0 27 22 0 0 0 0

J3 0 0 0 0 0 1 0 3 0 0 0 0 0 11 8 0 0 1 0 0 26 0 0 0 0 0 0 0 15 0 0 0 0 1 0 0 0 0 0 0 24 0 0 0

J4 0 0 0 0 0 0 0 2 0 0 0 0 0 10 42 1 0 1 0 0 3 0 0 0 0 1 0 0 53 0 2 2 0 0 0 0 4 2 1 0 0 14 1 0

J5 0 0 0 0 0 5 0 18 0 0 1 0 0 1 83 2 0 3 0 0 2 0 0 0 0 1 0 0 44 0 0 0 0 0 0 0 0 5 10 0 0 1 12 0

J6 0 0 0 0 0 0 0 0 1 0 0 0 0 40 48 2 0 1 0 0 24 0 0 0 0 0 0 0 18 0 1 0 0 0 0 0 2 0 1 0 0 0 0 12

71,3% 

F1-score

62,1% 

F1-score

53,1% 
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C A M A R G U E  W E T L A N D  H A B I TAT  M A P P I N G
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A B C D E F G H I J
precision 86,27% 66,87% 76,47% 68,62% 71,24% 68,34% 72,90% 63,95% 70,72% 68,02%
recall 95,03% 65,79% 62,93% 49,89% 77,39% 58,99% 79,68% 44,64% 25,14% 27,52%
f1-score 90,44% 66,33% 69,04% 57,77% 74,19% 63,32% 76,14% 52,58% 37,10% 39,19%

ARLES

Etang de Vaccarès

Réserve du Scamandre



C A M A R G U E  W E T L A N D  H A B I TAT  M A P P I N G

A2. Littoral sediment

C1. Surface standing watersE2. Mesic grasslands

FB. Shrub plantations 
→ FB.4. vineyards

G1. Broadleaveddeciduous woodland
→ G1.D. Fruit and nut tree orchards

I1. Arable land and 
market gardens11

C1. Surface standing waters
→ C1.2. Permanent 

mesotrophic lakes, ponds and 
pools



C O N C L U S I O N S

A solid foundation

• A national-scale, habitat-level mapping method is now operational.
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What's next?

• Generalizing to diverse biogeographic contexts

• Class imbalance & label confusion

• Balancing model complexity with operational scalability

• Ensuring coherence with field validation

More than maps

• Supports strategic planning for restoration, monitoring, and EU reporting.

• Enables consistent comparisons across territories.



Q U E S T I O N S  ?

Nina Bègue

begue@tourduvalat.org
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S P E C T R A L  V A R I A B L E S
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Aggregation (2017-2022) into a synthetic year

MeanÈyetweenÈ15/03 et 15/10 :

Doy 1 Doy 12 Doy 20 Doy 300 Doy 360

Doy 74 (15/03)

Doy 206

Doy 288 (15/10)

Pixel mean 
between doy 
74 and 288

10 bands =
10 spectral variables

2017-2018

2018-2019

2021-
2022

synthetic
2017-2022



E U N I S  C L A S S I F I C A T I O N  –  E C O L O G I C A L  F U N C T I O N S

Ecological basis
• Based on abiotic conditions, dominant species, and ecosystem dynamics
• Reflects habitat functions like water filtration, carbon storage, reproduction zones

Multi-Scale Hierarchical System
• From broad habitat types to detailed sub-types
• Enables analysis at both landscape and local scales

European Standardization
• Harmonized system across Europe
• Allows cross-regional comparison of ecological roles

Linked to Species and Pressures
• Identifies species relying on habitat functions
• Supports impact assessment and restoration planning

EUNIS is not just a classification — it is a tool for understanding how habitats contribute to ecosystem health and biodiversity.

15

EUropean Nature Information System
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